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Unlike AF2, which focused on individual proteins, AF3 embraces complexity of
biomolecular interactions. It models diverse entities within a unified framework,
highlighting interactions that are crucial for understanding cellular functions,
moving toward realistic simulations.

A protein folding prediction in response to a small molecule generated by AlphaFold 3. ISOMORPHIC LARS
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https://alphafoldserver.com ADP

& Sergey Ovchinnikov @sokrypton - 16 g.
AF3 server is LIVE! Just tried predicting complex with almost 5K amino acids.

TIP: you need to click "continue with google" to access the server (otherwise the
"server” is grayed out). alphafoldserver.com
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https://alphafoldserver.com

Use of AlphaFold Server is subject to the Google Terms of Service; and AlphaFold Server Additional Terms
of Service

Key things to know

1. AlphaFold Server is only available for non-commercial use by individuals and non-commercial
organizations (universities, non-profit organizations and research institutes, educational and
government bodies), or for journalism.

2. You must not use AlphaFold Server or its outputs:
a. in connection with any commercial activities, including research on behalf of commercial
arganizations;
b. in any automated system that predicts the binding or interaction of the protein with
ligands or peptides, such as Glide or AutoDock; or

. to train machine learning models or related technology for biomolecular structure
prediction similar to AlphaFold Server,

3. You can publish, share and adapt AlphaFold Server output in accordance with our terms, including
the requirement to provide clear notice that ongoing use is subject to AlphaFold Server Qutput Terms
of Use and of any modifications you make.
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This is super exciting! Although it's a bit sad to see that the source code and
weights are not available, even for academic use.

Time will tell if AF3 will be as widely used and universal as AF2 currently is. Can't
wait for this year's CASP :)

Code availability

AlphaFold 3 will be available as a non-commercial usage only server at
https:/'www.alphafoldserver.com, with restrictions on allowed ligands and covalent

modifications. Pseudocode describing the algorithms is available in the Supplementary
Information. Code 15 not provided.

g Max Jaderberg & @maxjaderberg - 19 .

J?:EL 'ij&: 25,  Super excited to be releasing AlphaFold 3 today, developed
. by @lsomorphicLabs and @GoogleDeepMind: our next
] . gen eration Al model for predicting the biomolecular
structures and interactions of proteins, DNA, RNA, small
« ~« molecules, and more: bit.ly/44yfaCw...

i B —+3 713 i 1 tys. -~


https://golgi.sandbox.google.com/

a Demis Hassabis € @demishassabis - 18 g.

Thrilled to announce AlphaFold 3 which can predict the structures and
interactions of nearly all of life's molecules with state-of-the-art accuracy
including proteins, DNA and RNA. Biology is a complex dynamical system so
modeling interactions is crucial blog.google/technology/ai/...

Q) 21 11 312 O 1tys. il 371 tys. ]
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. Roland Dunbrack & @rolanddunbrack.bsky.sociz @RolandDunbrack- 16 g, «

Demis -- | think AlphaFold3 is really exciting. As Reviewer #3, | got great results
from the server. | tried hard to get @Nature to urge you to release the code but
was unsuccessful. | did not get it for re-review so | don't know if you responded.
So why no code? @GoogleDeepMind

a Demis Hassabis £ @demishassabis - 18 ¢.

Thrilled to announce AlphaFold 3 which can predict the structures and
interactions of nearly all of life's molecules with state-of-the-art accuracy
including proteins, DNA and RNA. Biology is a complex dynamical system so
modeling interactions is crucial blog.google/technology/ai/ ...
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. Roland Dunbrack & @rolanddunbrack.bsky.socia @RolandDunbrack - 4 g, «e
Neither @Magda Skipper (editor of @Nature) nor the handling editor would
answer my emails about my concerns. | was not allowed to see any response to
the reviews by the AlphaFold3 authors, so | don't know what they think either.
Extremely unusual and very disappointing

ﬂ Stephen Curry @Stephen Curry - 5 €.

I'd be interested to hear @Nature’s and @GoogleDeepMind’s responses to
this. x.com/rolanddunbrack...

D T1l12 () 79 i 7 tys. -
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a Altuna Akalin @Altunaskalin - 1 g. I
Reviewer asked @Nature and authors to release alphafold3 code with no

success. Dangerous trend for journals acting as marketing avenues for new tech
without reproducibility or code review

@ Roland Dunbrack & @rolanddunbrack.bsky.so @RolandDunbrac- 17 g.

Demis -- | think AlphaFold3 is really exciting. As Reviewer #3, | got great
results from the server. | tried hard to get @Nature to urge you to release the
code but was unsuccessful. | did not get it for re-review so | don't know if you
responded. So why no code? @GoogleDeepMind x.com/demishassabis/...



Pratyush Tiwary
My @tiwarylab

It seems rather convenient that two of the structures® left out in the @Nature
paper for AlphaFold3 on RNA by @GoogleDeepMind are ones where it does
not well (multiple trials on web server)

* R1149 and R1156 predictioncenter.org/casp15/results...

Przetlumacz wpis
R1107* R1117 R111 -
6.513 2.645 15.
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- 0.1351 0.2

. Rosetta
or form and bound to a protein.

RMSD: 10.129
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. Roland Dunbrack = @rolanddunbrack.bsky.sociz @RolandDunbrach - 19 g«
Got interviewed for this article in Science on the release of alphafoldserver.com.
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Limits on access to DeepMind’s new protein program trigger backlash

Ze strony science.org
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SCIENCEINSIDER LIMITS ON ACCESS TO DEEPMIND'S NEW PROTEIN PROGRAM TRIGGER BACKLASH

SCIENCEINSIDER = BIOLOGY

Limits on access to DeepMind's new protein
program trigger backlash

Critics accuse Nature, which published the research, of failing to meet its own transparency standards
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Limits on access to DeepMind’'s new protein

program trigger backlash

Critics accuse Nature, which published the research, of failing to meet its own transparency standards

AlphaFold 3’s code wasn’t available during the review process for the Nature paper, either.
Roland Dunbrack, a computational structural biologist at the Fox Chase Cancer Center and
letter co-author, says he received the manuscript without any way to test the program.
After contacting the journal, he got access to an early version of the web server, but
repeated requests for code in the leadup to publication went unanswered, he says. "I don’t
understand why [Nature’s editors] sent it out for review under those conditions.”

The paper doesn’t provide a justification, simply noting, "Code is not provided”—an
omission that appears to “flagrantly violate” Nature’s policies, says James Fraser, a
structural biologist at the University of California San Francisco (UCSF) and one of the
letter’s organizers. Nature’s submission guidelines state that custom code supporting a
paper’s main claims must be made available to referees upon request, and its editorial

policies specify that "authors are required to make [code] promptly available to readers
without undue qualifications.”




Limits on access to DeepMind’'s new protein

program trigger backlash

Critics accuse Nature, which published the research, of failing to meet its own transparency standards

ADP

Regardless, since the open letter was posted, DeepMind researchers have indicated that
more information on AlphaFold 3 is on the way. A DeepMind media representative pointed
Science to a_13 May social media post in which Kohli, another co-author, announced the

increase in the web server’s daily request limit to 20. The team is also “working on
releasing the AF3 model” for academic use within 6 months, Kohli wrote, a move welcomed
by researchers who spoke to Science.

Stephanie Wankowicz, a computational structural biologist at UCSF and another of the
letter’s organizers, says she hopes the episode will encourage the computational biology
community to set concrete standards for research communication, particularly given the
increasing influence of for-profit companies in this field.

It’s also an opportunity for journals to reflect on their role in upholding scientific
standards, Fraser says. If they apply standards selectively, “it’s like they're the traffic cops
that are letting some people speed and pulling other people over for rolling through a stop
sign. And that’s not fair.”
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There is a minor controversy over AlphaFold3, DeepMind's latest protein

structure prediction model: the paper was published in Nature with insufficient
supplementary info to reproduce the results. Even the reviewer was ...see more

Letter to the Editor: AlphaFold3

e are submiting the foliow as a Leiter to the Editor and will posi the texi mmediately on
Zenodo. If you would bke {0 endorse to thia better, please fill cut the form below

Auaners

LRephanie A Wankowics, WCSF
Pedro Bekrag ETH

Benpmin Cravatt, Soripps

Roland Dunbrack, FOGE

drahony Ganer, LW Madison

Eresven Lindorfi-Larsen, Copenha gen
Sengey Ovehinnkoy, WMIT

Hicholas Pelizz, DFCIHMS

Brian K. Shodckst, LICSE

Jumses 5. Fraser, SR

Letter to the Editor: AlphaFold3
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https:/igithub.com/google-deepmind/alphafold3

—pmmm e

O google-deepmind / alphafold3 Q Type [/]to search &8 - + (O

¢> Code (*) Issues 19 [ Pullrequests 1 (® Actions [ Projects () Security |~ Insights

© alphafold3 Fubic ®Watch 63 ~ % Fork 813 v  ¥¢ Star 65k

F main ~ ¥ 1Branch § 2Tags Q Gotofile t Addfile - About

AlphaFold 3 inference pipeline.
) Augustin-Zidek and copybara-github Mention unresolved residuesintem... @ +  7a4a2f7-last month %) 148 Commits
[0 Readme

B github/workflows Do not test ref_pos which depends on a specific RDKit ve... 4 months ago &5 View license

. . Activit
I docker Add a comment that HMMER can also be installed using ... 5 months ago v y

— Fictam nrnnarrinc

Obtaining Model Parameters

This repository contains all necessary code for AlphaFold 3 inference. To request access to the AlphaFold 3
model parameters, please complete this form. Access will be granted at Google DeepMind’s sole discretion.
We will aim to respond to requests within 2-3 business days. You may only use AlphaFold 3 model parameters
if received directly from Google. Use is subject to these terms of use.

— - - - 1 .
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https://github.com/google-deepmind/alphafold3

Obtaining Model Parameters

This repository contains all necessary code for AlphaFold 3 inference. To request access to the AlphaFold 3
model parameters, please complete this form. Access will be granted at Google DeepMind’s sole discretion.
We will aim to respond to requests within 2-3 business days. You may only use AlphaFold 3 model parameters
if received directly from Google. Use is subject to these terms of use.

Key things to know when using the AlphaFold 3 model parameters and output

1

. The AlphaFold 3 model parameters and output are only available for non-commercial use by, or on behalf of, non-commercial
organizations (i.e., universities, non-profit organizations and research institutes, educational, journalism and government bodies).
If you are a researcher affiliated with a non-commercial organization, provided you are not a commercial organisation or acting
on behalf of a commercial organisation, this means you can use these for your non-commercial affiliated research.

. You must not use nor allow others to use:

I. AlphaFold 3 model parameters or output in connection with any commercial activities, including research on behalf of
commercial organizations; or

ii. AlphaFold 3 output to train machine learning models or related technology for biomolecular structure prediction similar
to AlphaFold 3.

. You must not publish or share AlphaFold 3 model parameters, except sharing these within your organization in accordance with
these Terms.

. You can publish, share and adapt AlphaFold 3 output in accordance with these Terms, including the requirements to provide

clear notice of any modifications you make and that ongoing use of AlphaFold 3 output and derivatives are subject to the
AlphaFold 3 Output Terms of Use.
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glycosylations, and more. MIT License

A short and simple permissive license with conditions only requiring preservation of copyright and license
notices. Licensed works, modifications, and larger works may be distributed under different terms and
without source code.

Performances on PDB Test with 95% CI (Bootstrap)

1.0 4 I AF3 oracle mmm Chai-1 oracle B Boltz-1 oracle EEm Boltz-1x oracle I
AF3 top-1 Chai-1 top-1 Boltz-1 top-1 Boltz-1x top-1

0.8 1 L@ 1L

M P10 T |
1

Value

0.2 1

0.0 -
Mean LDDT DockQ = 0.23 Mean LDDT-PLI L-RMSD < 2A Physical validity



ADP

nature biotechnology

Article https://doi.org/10.1038/541587-025-02654-4

Deep-learning-based single-domain and
multidomain proteinstructure prediction
withD-I-TASSER

Received: 13 April 2024 Wei Zheng @ '*2, Qigige Wuyun ® *#, Yang Li® *#, Quancheng Liu®?,
Xiaogen Zhou®?, Chunxiang Peng® 2°, Yiheng Zhu?, Lydia Freddoline®® &
Accepted: 26 March 2025 467
Yang Zhang @ **
Published online: 23 May 2025
% Check for updates The dominant success of deep learning techniques on protein structure

prediction has challenged the necessity and usefulness of traditional
force field-based folding simulations. We proposed a hybrid approach,
deep-learning-based iterative threading assembly refinement (D-I-TASSER),

https://www.nature.com/articles/s41587-025-02654-4
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Fig. 513. Companson of time requirements for D-1-TASSER and AlphaFold2 on different size proteins on a dataset
of 645 protemns. Both programs were run using 10 CPUs with parallel processing, generating 5 models each. The
AlphaFold2 program was executed with detault setiings, meluding 1 ensemble, tull dbs and monomer pipeline as
implemented i AlphaFold version 2.2.0. The running time reported excludes the DeepMS A2 search time, as the speed
of large database searches 1s largely influenced by 'O performance. For mstance, stormg databases on 85D or NVMe
dnives can significantly reduce search time.
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Thank you for your time
and
See you at the next lecture

Any other
guestions & comments

lukaskoz@mimuw.edu.pl
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